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Fig. 1: Drone Communication in mmWave/ THz band
Proposed Solution

* Three mobility uncertainties - Micro-scale, Small-scale, Large-scale
* Weather Conditions — Windy and Non-windy
* Intel Aero drone along with android smartphone was used to measure the mobility uncertainties

Conclusions

* \We proposed a stochastic beam control scheme

* Goal: Reduce the outage probability of the ' Results - LeBeam, which can predict the optimal
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* We propose an echo state learning-based THz Link SNR with different beam alignment latency = Prediction accuracy of LeBeam moments of the drone mobility

stochastic beam control scheme called LeBeam » LeBeam can achieve nearly optimal link
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